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Table 1. Human detection Accuracy

Correct Detected Accuracy

4608 4565 99.0

Table 2. Recognition accuracy

Walk Run Stop Sit Desk Fall Talk Leave Accuracy
Walk 1305 157 20 6 87.7%
Run 28 33 45.9%
Stop 685 64 91.5%
Sit 3 1382 67 4 94.9%
Desk 196 1566 88.9%
Fall 2 78 821 91.1%
Talk 321 407 55.9%
Leave 4 100%
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