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Table 1: Descrintion of six d

Data n Te c
Artificial data 1 || 11 14 2
Artificial data2 || 12 17 2
Artificial data3 || 12 15 4
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Artificial data 6 || 15 32 3
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Table 2: The result of evaluating cluster partition by using cluster validity measures.

Datal Data2 Data3 Datad4 Data5 Data6
e o o - - - -
DI O O - O O O
DB O - - O - O
FDB O - - - - -
Wie O eFCM — - - -
XB O - - - - -
PC O O - - - sFCM
PE O O - - - sFCM
MPC O O - O - sFCM
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No.32 2017



Figure 11: Polaris (n = 51, num. of edges =205).
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